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 Mycoplasma hominis is a gram negative bacteria belonging to class Mollicutes, 
commonly present in men and women of reproductive age. In women it affects the genital 
tract and is involved in causing Pelvic Inflammatory Disease, ectopic pregnancy, miscarriage, 
epididymitis in men and sometimes prolonged infection may lead to infertility. At present 
there is no effective prophylaxis for M.hominis infections. The current work involves insilico 
reverse vaccinology approach for identifying the immunogens as vaccine candidates that can be 
effective against reinfections and should be capable of inducing long-term protective immunity 
against Mycoplasma infections. The study identifies the putative vaccine candidates that are 
membrane bound with high antigenicity properties which involves identification of T-cell and 
B-cell epitopes that induce humoral immunity as well as cell-mediated immunity and makes 
the body stronger against infections and effective for reinfections. The epitope ‘STNYYNLYF’ 
showed good binding interactions -9.80Kcal/mol with HLA-C*05:01 and maximum population 
coverage.

Keywords: Antigenicity; Docking; In-Silico; Mycoplasma Hominis ; Vaccine.

 Mycoplasma hominis is a gram-negative 
bacterium often found in genito-vaginal tracts of 
women and in sexually active adult males1. The 
human pathogen is transmitted by direct contact 
during the intercourse. The pathogen can even 
be transmitted to offspring either during birth or 
in uterus2. Mycoplasma pathogenicity in genital 
tract of females was confimed in women with 
postpartum fevers and intra-amniotic infection3. 
The symptoms of the bacterium involve vaginal 
discharge, genital warts and other inflammatory 
responses4.
 The epidemiology of the pathogen is 
associated with colonization in the genitourinary 
tract and is seen in the patients of young age who 
are sexually active. The clinical manifestations of 

the pathogen infection include Pelvic Inflammatory 
Disease, cervicitis, urethritis, post-partum fever, 
still birth, brain abscess, pyelonephritis5. Pelvic 
inflammatory disease has minimal symptoms like 
fever, pelvic and abdominal pain and tenderness 
of the tissues of uterine, cervix and adnexal6. 
Cervicitis and urethritis lead to vaginal discharge in 
women and urethral discharge in men and irritation 
during the urine pass. In men it causes epididymitis, 
swelling of epididymis underlying the testis within 
the scrotum7.
 Commonly M.hominis is associated with 
the other pathogen U. urealyticum8. Research 
confirm the association of the two pathogens 
with male infertility9. Number of studies have 
reported the involvement of M.hominis in changing 
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parameters of semen such as density and motility 
of spermatozoa10. The current treatment options 
include commonly prescribed antibiotics, and very 
few are effective against the bacterial infections. 
The intracellular pathogen has found to be 
resistant to potent antibiotics such as ciprofloxacin, 
macrolides and ofloxacin11.
 Although there are antibiotics available, 
the mycoplasma vaccine will dramatically 
reduce the rates of mycoplasma infections hence, 
mycoplasma vaccine could be more effective in 
controlling the epidemics of the infections 12, 13. 
Unfortunately, in spite of many attempts yet there 
is no protective vaccine either fully or partially 
available for the infections14.  A computational 
reverse vaccinology technique predicts the surface 
epitopes which are important in development 
of a candidate vaccine. The technique identifies 
B-cell and T-cell lymphocytes that are important 
in inducing immune responses which activate the 
humoral and cell-mediated immunity15. B-cells 
identify solvent exposed antigens using B-cell 
receptors. B-cells upon activation differentiate 
and secret soluble immunoglobins that mediate 
adaptive humoral immunity16. T-cell epitope 
prediction identifies short peptides in the antigenic 
sequences. A peptide binding to the MHC 
molecules is most important as this determines the 
selection of T-cell epitopes that can stimulate CD8 
or CD4 T-cells17.
 In the present study, an attempt is made 
to recognize major immunogenic epitopes on 
Mycoplasma hominis proteins that can be vaccine 
candidates by using various bioinformatics tools.  
The results from the study offer novel epitope-
vaccine candidates for development of vaccine 
against Mycoplasma hominis.

Materials and Methods

retrieval of all the Proteins of Mycoplasma 
hominis  
 In the study 529 protein sequence set of 
M. hominis were retrieved from UniProt Proteome18 
database in FASTA format. www.uniprot.org [The 
Uniprot Consortium, nucleic Acids Research].
screening of Proteins Based on antigenicity, 
sub-Cellular localization and allergy study
 All the proteins were virtually screened 
using VaxiJen v2.019 for antigenicity as it induces 

immune responses. Only the antigenic proteins were 
considered for further studies. M. hominis lacks cell 
wall hence the sub-cellular localization prediction 
for proteins was done using PSORTb 2.020. 
Allertop21 was used to evaluate the allergenicity 
of proteins. The tool makes predictions based on 
the physicochemical properties of proteins along 
with allergen prediction utilizing E-descriptors of 
amino acids in the protein using several machine 
learning tools22. Allergenic proteins were excluded 
and the non-allergic proteins were considered for 
further analysis.
Physicochemical and Functional analysis of 
Proteins
 Protein structural and functional analysis 
are important to know their role in the organism’s 
survival. The physic-chemical and functional 
analysis of membrane bound, antigenic, non-
allergen proteins were studied using ProtParam23 
and Interpro24. The parameters like molecular 
weight, isoelectric point, half-life in vitro and in-
vivo, stability, aliphatic index and grand average 
of hydropathicity (GRAVY) were estimated with 
ProtParam. Regions of conserved domains and 
other important sites within the proteins was 
identified using InterPro.
t-Cell epitope identification, epitope 
Conservancy analysis and Population Coverage
 Epitopes based on conserved regions were 
identified from Cytotoxic T lymphocytes (CTL) 
using NetCTL v1.2 25. Prior to the run the peptide 
length was set to 9.0 and the threshold was fixed 
at 0.5 while the sensitivity and specificity were set 
at 0.89 and 0.94. To initiate the immune response 
the binding of the antigenic peptide to the major 
histocompatibility complex MHC class I molecules 
is important. Hence the binding of epitopes to the 
MHCI analysis was done using immune epitope 
database IEDB tools [26]. The tool calculates 
the half maximal inhibitory concentration value 
(IC50) of the binding epitope to human leukocyte 
antigen (HLA) molecules. The tool predicts the 
binding of MHC class I peptides to 12 different 
HLA supertypes using the stabilized matrix base 
method27. The conservancy of each epitope was 
also calculated using the conservancy analysis 
tools at IEDB28. The stabilized matrix base method 
(SMM) tool at IEDB was used to calculate the 
total score which includes the parameters like 
processing score, TAP score, proteasomal cleavage 
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score and binding affinity for the MHC-I29. 
Population coverage generally have a crucial role 
in vaccine design which was calculated using IEDB 
population coverage tool in this study30.
Molecular docking studies
 The 3D structures of epitopes were 
generated by PEP-FOLD 2.0 web-based server 
[31]. The server predicts the five most probable 
structures and the best structure was taken for 
docking analysis i.e. the lowest energy model. 
The HLA-C*05:01 allele showed highest binding 
scores among all the other MHC alleles. Epitope 
binding evaluation and validation with HLA 
molecule was done by downloading the structure 
of HLA-C*05:01 from PDB with id 4VGD. Before 

performing the docking, the ligand SAE with 
nine amino acids SER-ALA-GLU-PRO-VAL-
PRO-LEU-GLN-LEU epitope 32 was removed 
using UCSF Chimera33. Further the docking was 
performed with AutoDock Vina to perform the 
sampling and scoring at each docking round34

B-Cell Epitope Identification
 B-cell epitopes were identified by using 
various tools from IEDB. The Bepipred linear 
epitope prediction analysis 35, Emini surface 
accessibility prediction36, Kolaskar and Tongaonkar 
antigenicity prediction scale37, Karplus and Schulz 
flexibility prediction38, Parker Hydrophilicity 
Prediction39 and Chou Fasman40 beta turn prediction 
tools were used.

table 1. ProtParam results for the vaccine candidate proteins

Protein Number  Molecular  Theoretical  Extinction  Estimated  Instability  Aliphatic  (GRAVY)
 of amino  weight pI coefficients half-life index index
 acids

Uncharacterized  462 54440.09 9.06 111620 30 hours 25.35 74.46 -0.601
protein
Putative  577 66599.78 9.10 80110 30 hours 30.03 85.30 -0.436
lipoprotein 
p120' protein 915 103639.4 5.69 143480 30 hours 24.95 77.11 -0.597
Lipoprotein  808 92138.75 8.67 94090 30 hours 32.58 66.05 -0.857

table 2. T-cell epitopes identified by the 
NetCTL server with scores

Sl. No. Epitope  Total Score (nM)

1. CSTNYYNLY 3.4358
2. FSDDQVKKY 3.1598
3. ETESGKTIY 2.8097
4. FVEKENHKY 2.7962
5. QVEAIANFY 2.7589
6. YTDCVELMH 2.7527
7. WTNSDYRFY 2.7022
8. DTEQGLCHY 2.678
9. FINKSNLDY 2.5952
10. STNYYNLYF 2.4732
11. KSEFVKLGY 2.4668
12. GIDNLSRLY 2.4439
13. NSSDFHKKY 2.3327
14. YSLWTNSDY 2.3292
15. LTAEGKAKY 2.2817
16. NSDFKTALF 2.2382
17. FLELEIFKY 2.2258
18. DSSIAKDFY 2.213
19. KTNLSAYGY 2.0663

results

 The present investigation focused on 
predicting the vaccine candidates for Mycoplasma 
infections by computational reverse vaccinology 
approach for which a total of 529 protein sequences 
of Mycoplasma hominis were collected from the 
UniProt Proteome database in FASTA format. 
These protein sequences were analysed for 
their antigenic properties that potentially induce 
immunogenicity.
Antigenic Protein Identification, Sub-Cellular 
localization and allergy Prediction
 Protein screening was done using Vaxijen 
server which identifies the antigenic and non-
antigenic proteins. 0.5 was kept as threshold and the 
proteins with antigenic score > 0.5 were considered 
for future analysis. Out of all 529 proteins, 161 
proteins were found to be probable non-antigens. 
Further screening of proteins was done based on 
the localization of the proteins. PSORTb 2.0 was 
used to predict the sub-cellular localization of the 
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proteins. 49 proteins out of 368 antigenic proteins 
were found to be outer membrane proteins which 
were considered for further analysis. Final protein 
screening was done based on their probable 
allergenic properties. Allertop was used for the 
allergenicity analysis of outer membrane proteins. 8 
proteins were outer membrane, antigenic and non-
allergenic. These 8 proteins then were subjected to 
epitope-based analysis.
Protein Physical-Chemical and Functional 
analysis
 The parameters like molecular weight, 
theoretical pI, number of amino acids, amino 
acid composition, atomic composition, extinction 
coefficient, estimated half-life, aliphatic 
index, instability index, and grand average of 
hydropathicity (GRAVY) were obtained from the 
ProtParam and the functional analysis of proteins 
was done using InterPro by classifying them into 
families, predicting domains and other important 
sites. Two to five conserved domains were observed 
in the proteins. The table 1 below gives the details 
of the protein parameters.
identif ication of  t-Cell  epitopes and 
Conservancy analysis
 The 8 proteins were then subjected for 
NetCTL server that gives the combinatorial score 
based on MHC-1 binding predictions. the epitopes 
with IC50 value less than 200 nM were considered 
for further analysis as this ensures higher af?nity 

for MHC-1 binding. The selected epitope list is 
given in the table 2.
 These identified peptides were further 
predicted for effective designing of the T-cell 
epitopes. The methods like Proteasomal cleavage, 
TAP score, MHC-I processing and binding affinity 
scores were from IEDB were considered for T-cell 
epitope analysis. Higher the score, higher the 
MHC-I processing capabilities hence, the peptides 
with higher score are probable T-cell epitopes. All 
the 19 epitopes were subjected to MHC-I binding 
predictions using the stabilized matrix base method. 
The epitopes that showed higher affinity i.e IC50 
<200 nM was considered for further analysis 4 out 
of 19 epitopes were selected based on their IC50 
values. The epitope conservancy was performed, 
higher the conservancy the more the immunogenic 
are the proteins.
Population Coverage
 Each epitope that were recognized 
as optimum for the MHC-I binders were then 
subjected for the population coverage analysis. 
The epitopes showed 91.17% coverage in Europe. 
The population coverage analysis in other area are 
tabulated in the table 4.
Molecular docking studies
 To validate the epitopic potential of the 
identifed peptides molecules, molecular docking 
studies was performed. As all the selected 
epitopes showed good binding affinity with allele 

table 3. Interaction, binding, and conservancy scores of the identified T-cell epitopes
 
Epitope  MHC-I allele interaction total score  Epitope 
 (proteasome score, TAP score, MHC-I score,  conservancy (%)
 processing score)

FSDDQVKKY HLA-C*12:03(4.945) HLA-C*05:01(14.476) 62.58%
 HLA-C*07:01(44.07) HLA-A*01:01(64.35) 
 HLA-B*15:02(89.58) HLA-C*06:02(127.00) 
 HLA-C*08:02(131.87) HLA-C*14:02(163.9) 
STNYYNLYF HLA-C*05:01(11.18)HLA-C*14:02(106.0)  50.00%
 HLA-C*12:03(117.54) HLA-C*15:02(123.7) 
 HLA-B*15:02(125.38)HLA-*32:01(129.10) 
 HLA-B*58:01(155.34)  
KTNLSAYGY HLA-A*12:03(28.85) HLA-A*30:02(28.93) 75.00%
 HLA-C*05:01(31.67) HLA-B*58:01(91.26)  
 HLA-C*15:02(103.37) HLA-A*29:02(114.48)  
 HLA-C*32:01(172.16)  
WTNSDYRFY HLA-A*12:03(29.80) HLA-A*03:03(38.60)  50.00%
 HLA-C*05:01(50.66) HLA-A*29:02(102.50)  
 HLA-A*30:02(123.15) HLA-C*07:02(173.48) 
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table 4. Population coverage analysis for the proposed epitopes 
against Mycoplasma hominis. A) Projected population coverage. 

B) Average number of epitope hits/HLA combinations recognized 
by the population. C) Minimum number of epitope hits/HLA 

combinations recognized by 90% of the population

Population  Coverage (%)A Average hitB PC90C

Central Africa 55.05% 3.56 1.11
East Africa 61.77% 4.12 1.31
East Asia 48.85% 3.05 0.98
Europe 91.17% 8.28 5.16
India 63.33% 4.43 1.36
North Africa 70.41% 5.09 1.69
North America 77.36% 5.76 2.21
Northeast Asia 56.38% 3.76 1.15
Oceania 51.89% 3.33 1.04
South Africa 62.41% 4.37 1.33
South America 51.15% 3.16 1.02
South Asia 65.33% 4.64 1.44
Southeast Asia 51.75% 3.31 1.04
Southwest Asia 70.60% 5.13 1.7
West Africa 64.29% 4.44 1.4
West Indies 72.40% 5.07 1.79

table 5. Binding energy and RMSD values and vaxijen 
scores for the epitopes with the HLA-C*05:01

Epitope  Binding energy  RMSD Ao Vaxijen score
 (kcal/mol)

FSDDQVKKY -8.30 0.00 0.5772
STNYYNLYF -9.80 0.00 1.3297
KTNLSAYGY -9.40 0.00 0.5027
WTNSDYRFY -9.80 0.00 0.6230

HLA-C*05:01, its structure was downloaded from 
PDB with ID 4VGD. The epitope structures were 
predicted by PEPFold and the molecular docking 
was performed for the HLA-C*05:01against the 
predicted epitopes as ligands using Autodock vina. 
The XYZ coordinates were set to x=7.1, y=85.5, 
z=14.5. The binding energies and the RMSD values 
for the epitopes is given in the table 5.
B-Cell epitope Prediction
 The protein epitopes were further 
evaluated for B cell specific epitope nature by 
tools in IEDB. To evaluate the physicochemical 
properties of the amino acids in the protein to be  
as B cell epitopes was performed by Kolaskar 
and Tongaonkar antigenicity prediction tool. 
The peptides FSDDQVKKY, STNYYNLYF, 
KTNLSAYGY and WTNSDYRFY showed 

acceptable score ranging from 1.023, 0.983, 
0.976, 1.015 and 0.960 respectively. The Emini 
surface accessibility prediction was carried out for 
assessing the surface accessibility of the epitopes. 
The Emini surface accessibility prediction scores 
for the selected peptides was ranging from 0.967 
to 2.261 indicating good surface accessibility.  
Parker hydrophilicity prediction tool was utilized 
to check the hydrophilic regions of the proteins. 
Identification of surface accessible hydrophilic 
region is essential as these regions are likely 
to evoke the B cell immune responses. Results 
indicated that the selected peptides are hydrophilic.
 Studies show the correlation between the 
localization of antigenic sites and the presence 
of turns in proteins hence, Beta-turns prediction 
in proteins was performed as these regions are 
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Fig. 1. Structures of epitopes A-‘FSDDQVKKY’ B-‘STNYYNLYF’ C-‘KTNLSAYGY’ D-‘WTNSDYRFY’

Fig. 2. Visualization of docking results of epitopesA-‘FSDDQVKKY’ B-‘STNYYNLYF’ C-‘KTNLSAYGY’ 
D-‘WTNSDYRFY’ and HLA-C*05:01

involved in initiating antigenic properties41. Chou-
Fasman beta-turn prediction was performed to 
?nd the beta-turn regions in the proteins. Karplus 
Schulz ?exibility prediction tool was used to 
know the flexible regions in the proteins. The 
regions of the peptide locations were considerably 
in the most favourable regions of the ?exibility 
prediction analysis. The peptides showed good 
flexibility scores ranging from 0.983 to 1.009. 
Further the linear B-cell epitopes were predicted 
using Bepipred, hidden Markov model-based 
machine learning process. All most all the regions 
in the proteins showed most favourable regions in 
Bepipred linear epitope predictions. By analysing 
the results obtained from the B-cell epitope 
prediction tools, the peptides that were selected 
as T-cell epitopes were found to satisfy requisites 
required for inducing B-cell immune responses. 
The results of B-cell epitope analysis using 
different tools is shown in Figure 3.

disCussion

 Antigenic proteins are important in 
deciding the virulence of the pathogen invasion 

hence more antigenic proteins that are membrane 
bound were considered for the study. A distinctive 
T & B-cell vaccination initiates both humoral and 
cell-mediated immunity effective on controlling the 
reinfection of the pathogen. Epitope based vaccine 
design approach has been reported for Francisella 
tularensis42, Haemophilus influenza43, Dengue 
virus44, human coronaviruses45, chikungunya 
virus46, Ebola47.
 The proteome of Mycoplasma hominis 
was retrieved from UniProt Proteome Database. 
The proteins were further analysed for antigenic 
properties using vaxijen, the antigenic proteins 
with antigenic score > 0.5 were then subjected 
for localization prediction using Psortb. The 
outer membrane proteins with higher antigenicity 
scores were then evaluated for allergic properties 
using Allertop. The conserved domain analysis 
was done using InterPro. The membrane bound 
proteins with higher antigenic scores, non-
allergens with maximum conserved domains were 
selected for further immunoinformatic study. The 
Proteins putative lipoprotein, Membrane protein, 
Uncharacterized protein, Serine/threonine-protein 
kinase, Bacteriophage MHoV1 protein HtpH, p120' 
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Fig. 3.a. Bepipred linear epitope prediction of the most antigenic putative lipoprotein protein
note: The threshold is 0.5.

Fig. 3.b. Chou and Fasman â-turn prediction of the most antigenic putative lipoprotein protein
note: The threshold is 1.021

protein and Lipoprotein were the proteins finally 
considered for further analysis. The proteins were 
subjected to NetCTL T-cell epitope analysis around 
19 epitopes were selected from the proteins based 
on IC50 values. Peptides with highest scores have 
highest processing capabilities.
 An effective peptide epitope should 
be conserved among the host proteins, good 
processing capabilities and binding affinities with 
the MHC alleles with higher population coverage. 
Four peptides were selected from 19 epitopes based 

on the epitope conservancy, and binding with the 
MHC alleles. All the four epitopes showed good 
conservancy and interactions with the HLA alleles. 
However, the epitope STNYYNLYF showed 
maximum antigenicity score 1.3297 and interacting 
with seven HLA variants. Further population 
coverage analysis showed maximum coverage 
in most regions. It calculates the percentage of 
people showing potential responses to the query 
epitopes among the people living in that region. 
The identified epitopes were then subjected for 
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Fig. 3.c. Emini surface accessibility prediction of the most antigenic putative lipoprotein protein
note: The threshold is 1.009.

Fig. 3.d. Karplus and Schulz flexibility prediction for putative lipoprotein protein
note: The threshold is 1.00.

molecular docking analysis and the results showed 
good binding interactions with the HLA-C allele. 
The epitope STNYYNLYF showed the lowest 
binding energy of  9.80 Kcal/mol and RMSD 
0.00Ao. B cell epitope identification was also 
performed using various tools of IEBD, these 
epitopes induce primary and secondary immunity. 
After analysing the results, it was found that the 
selected T-cell epitopes satisfied the potential to 
B-cell epitopes also. 

ConClusion

 The untreated M.hominis infection have 
a negative impact on the reproductive health of 
human. In the present study, we made an attempt in 
designing a peptide-based vaccine for the pathogen 
Mycoplasma homins which causes infertility in 
both men and women. Through in silico approach 
using bioinformatics tools we identified novel 
therapeutic epitope vaccine candidates. Both 
T-cell and B-cell epitopes are identified that can 
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Fig. 3.e. Kolaskar&Tongaonkar antigenicity prediction of the most antigenic for putative lipoprotein proteinnote: 
The threshold is 1.000.

Fig. 3.f. Parker Hydrophilicity Prediction Results for putative lipoprotein protein
note: The threshold is 1.293

Fig. 3. B-cell epitope epitope prediction for the protein. The yellow color indicates flexible regions in polypeptide 
and the green color indicates the regions that do not satisfy the threshold margin

offer long term immunity. The identified peptides 
show both B and T-cell selectivity, wide range of 
population coverage, good epitope conservancy 
and significant binding interactions with the MHC-
1 HLA allele. The predicted epitopes are supposed 
to offer protective immunity for long term against 
M.hominis. However, in-vitro studies have to be 
performed in order to validate the predicted vaccine 
candidates. 
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